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Keywords: This study investigates the determinants of social commerce adoption among entrepreneurs
Gender in Zambia through the lens of the Technology—Organization-Environment framework and
Social commerce adoption the mediation role of competitive pressure. Data were collected from 378 respondents and
Internet new analyzed using structural equation modeling in R (lavaan package, version 0.6-19). The results
competitive pressure demonstrate that perceived usefulness (f = 0.185, p = 0.022) and trading partner pressure (f =
TOE framework 0.187, p=0.004) significantly and positively influence social commerce adoption, while security
PLS-SEM concerns exhibit no significant effect (§ = 0.090, p = 0.179). Additionally, competitive pressure
technology adoption was found to have a significant direct impact on adoption (f = 0.455, p < 0.001) and to mediate
mediation analysis the effects of perceived usefulness (indirect f = 0.209, p < 0.001) and trading partner pressure

(indirect g = 0.130, p = 0.002), but not security concerns. Model fit indices (Comparative Fit
Index = 0.955, Tucker-Lewis Index = 0.948, Root Mean Square Error of Approximation = 0.048,
Standardized Root Mean Squared Residual = 0.044) confirmed a good fit. The findings suggest
that utility perceptions, peer dynamics, and competitive environment play pivotal roles in driving
social commerce adoption in emerging economies, beyond formal risk assessments. Implications
for policy, entrepreneurship, and digital inclusion are discussed.

1. Introduction

The digital revolution has profoundly transformed the business environment by giving rise to innovative plat-
forms that facilitate commerce, communication, and collaboration (Asanprakit and Kraiwanit, 2023). Among these
innovations, social commerce (s-commerce)—the integration of social media platforms with e-commerce functional-
ities—has emerged as a powerful driver of entrepreneurial growth, particularly among entrepreneurs (L6pez-Lemus,
2024; Peng and Lu, 2024). Social commerce enables entrepreneurs to market, sell, and engage with customers through
interactive, user-driven technologies such as Facebook Marketplace, WhatsApp Business, Instagram Shopping, and
TikTok Shops among others Lopez-Lemus, 2024. For entrepreneurs operating in resource-constrained and competitive
environments, s-commerce offers low-cost avenues to reach broader markets, foster trust-based interactions, and
personalize customer experiences (Herzallah, Liébana-Cabanillas, Mufioz-Leiva and Zarco, 2025).

Despite its advantages, the adoption of social commerce by entrepreneurs is not automatic. Several fac-
tors—technological, organizational, and environmental—may either facilitate or hinder its uptake (Liu and Lin, 2025).
Understanding these determinants is especially critical for entrepreneurs in developing regions, where the institutional,
technological, and market infrastructure often differ markedly from those in more developed contexts (Timilsina,
Stern and Das, 2024). Existing studies on social commerce adoption have primarily focused on consumers (Akman
and Mishra, 2017; Charles and Kanani, 2025; Sarker, Hughes, Malik and Dwivedi, 2025). This leaves a gap in the
literature concerning micro and small enterprises led by entrepreneurs. Moreover, the treatment of competitive pressure
as mediator in the relationship between social commerce adoption and its determinants is largely neglected despite its
theoretical importance.

This study addresses these gaps by investigating the factors influencing social commerce adoption among
entrepreneurs, with a particular focus on the mediating role of competitive pressure. Competitive pressure, defined as
the perceived intensity of market rivalry, plays a dual role in entrepreneurial innovation—it can either serve as a catalyst
that encourages adoption of new technologies or act as a deterrent when entrepreneurs perceive their capacities as
insufficient (Boone J, 2000; Pham Thi, Pham and Duong, 2025). Understanding this nuance is critical for policymakers
and technology providers aiming to foster digital inclusion and business resilience among entrepreneurs.
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The study is theoretically grounded in the Technology-Organization-Environment (TOE) framework proposed by
(Tornatzky, Fleischer and Chakrabarti, 1990). The TOE posits that technology adoption decisions are shaped by three
broad factors: 1. Technological characteristics (e.g., perceived usefulness), 2. Organizational context (e.g., internal
resources, formal and informal structures etc.), and 3. Environmental conditions (e.g., trading partner expectations
and market competition). While the TOE framework has been widely applied in information systems research (Al
Hadwer, Tavana, Gillis and Rezania, 2021), it is rare to see studies that have extended it to test mediation effects
of competitive pressures within the business environmental context. This paper contributes to theory by introducing
competitive pressure as a mediating variable that links environmental influences and technology adoption, thereby
enriching our understanding of how external forces shape entrepreneurial behavior in the digital age.

To empirically test this model, the study collected primary data from a cross-sectional survey of entrepreneurs
actively engaged in business activities through social media platforms. Using Structural Equation Modeling (SEM)
in R, the study assesses both the measurement and structural models to evaluate reliability, validity, and hypothesis
testing. The results highlight the significance of perceived usefulness and trading partner pressure in predicting social
commerce adoption, while also demonstrating the mediating influence of competitive pressure.

By integrating theory and practice, this study provides novel insights into how entrepreneurs adopt digital
technologies in response to both internal perceptions and external market dynamics. The findings have practical
implications for policymakers, technology developers, and entrepreneurial support organizations seeking to enhance
the diffusion of digital tools among small businesses, especially in emerging markets. .

2. Literature review

2.0.1. Theoretical review

This study is underpinned by the Technology—Organization—Environment (TOE) framework Tornatzky et al.
(1990), which provides a holistic lens through which the adoption of innovations such as social commerce can
be understood. Originally proposed by Tornatzky and Fleischer, the TOE framework identifies three key con-
texts—technological, organizational, and environmental—that influence a firm’s decision to adopt new technologies.

The technological context refers to both existing and emerging technologies relevant to the organization, encom-
passing perceptions such as usefulness, ease of use, and security (Adade and de Vries, 2024). In the context of social
commerce, perceived usefulness (Davis, 1989) reflects how entrepreneurs view the ability of social commerce to
enhance business performance and competitiveness. The organizational context encompasses internal factors such
as firm size, managerial support, human resources, and structure (Adade and de Vries, 2024). However, in small and
micro enterprises, structural characteristics are often overshadowed by external factors such as market forces.

The environmental context relates to the external ecosystem in which the firm operates—including industry trends,
competitors, regulatory environment, and trading partners (Filipe, Ruivo and Oliveira, 2023). Competitive pressure and
trading partner pressure are crucial in driving technology adoption, especially in fast-evolving digital markets (Oliveira
and Martins, 2010).

The TOE framework is well-suited for studies in emerging economies where entrepreneurial ecosystems are rapidly
digitizing (Osinubi, Ajide and Simatele, 2025; Soluk, Kammerlander and Darwin, 2021) and where adoption decisions
are frequently influenced by external constraints and opportunities (Rahayu and Day, 2015). In this study, the TOE
model is extended by examining the mediating role of competitive pressure, offering a nuanced understanding of how
environmental factors influence the entrepreneurial adoption of social commerce.

2.1. Empirical review

The literature provides substantial evidence that various technological, organizational, and environmental factors
significantly affect the adoption of digital technologies, including social commerce.

For instance, several studies have found a positive relationship between perceived usefulness and social commerce
adoption (Jasrotia, Kwok and Koul, 2025; Osatuyi, Qin, Osatuyi and Turel, 2020). This is because entrepreneurs are
more likely to adopt social commerce platforms if they perceive clear benefits such as increased customer reach,
enhanced communication, and improved profitability.

For instance, Asanprakit and Kraiwanit (2023) study the determinants of social commerce adoption. The study used
primary data consisting of 400 observations with key variables including; technological, motivational, social, platform,
and economic factors. Structural equation modeling predicting perceived usefulness as a lower order construct among
technological factors revealed that technological factors influence social commerce adoption. While this study provides

Nsubanta M: FourthIR Journal Page 2 of 14



Factors Affecting Social Commerce Adoption

useful insights into the relationship between technological factors and social commerce adoption, it did not directly
model the relationship between perceived usefulness and social commerce adoption.

Jasrotia et al. (2025) investigate social relationships and system experiences as determinants of acceptance of
social commerce (s-commerce) among 558 consumers. The detailed independent variables included; critical mass,
social connectedness, usefulness, ease of use, system capability and enjoyment. The results of structural equation
modelling were that social connectedness influences perceived usefulness and intention to use s- commerce via system
experience-related factors. It was also found that perceived usefulness of social commerce positively affects social
commerce adoption. This study provides useful insights into the perceived usefulness - s-commerce adoption nexus.
However, it was done in the context of the fashion industry. This leaves room for consideration of other industries as
well.

Osatuyi et al. (2020) uses the IS continuance model to theorize non-linear relationships between social commerce
and its determinants. Using a sample of 551 respondents, the study models perceived usefulness as a second order
construct consisting of social, hedonic, and utility benefits. It was found that the perceived usefulness - satisfaction and
satisfaction - continuance use intentions nexus are each quadratic. Specifically, perceived usefulness was positively
related with satisfaction for females as well as experienced s-commerce users but an inverse-U relationship among
males as well as inexperienced users.

To clearly understand the relationship between the perceived usefulness of social commerce and social commerce
adoption, it is hypothesized that:

H]I: Perceived usefulness positively influences social commerce adoption.

Security concerns often act as a barrier to the adoption of e-commerce and social commerce systems. Issues such
as data breaches, online fraud, and lack of regulatory protection undermine trust (Sarker, Hughe, Dwivedi and Rana,
2020). However, evidence on this relationship is mixed.

Alzaidi and Agag (2022) study the role of trust and privacy concerns in social media purchase behavior accounting
for the COVID-19 pandemic. Primary data was collected from 600 respondents before and 600 during the pandemic.
Structural Equation Modelling showed that s-commerce purchase intention is affected by trust and privacy concerns.

Algharabat and Rana (2021) explored the dynamics of social commerce within emerging market contexts,
focusing on its role in enhancing online community engagement. Their study integrated several theoretical per-
spectives—including social support theory, trust theory, social presence theory, flow theory, and service-dominant
logic—to develop a conceptual framework. Drawing on data from 400 Facebook community users in Jordan, the
researchers applied structural equation modelling using AMOS to test their hypotheses. The findings indicated that key
elements of social commerce significantly contribute to the development of social support, trust among community
members, and perceived social presence.

Additionally, both social support and social presence were found to positively influence trust. In turn, this trust
enhanced users’ flow experiences, which, along with trust itself, fostered stronger engagement within the online
community. These results highlight the interconnected pathways through which social commerce can deepen user
participation and trust in digital marketplaces, especially in emerging economies.

H2: Security concerns negatively influence social commerce adoption.

Abed (2020) studied the factors influencing social commerce adoption among SMEs in Saudi Arabia, using the
Technology—Organization—Environment (TOE) framework. Primary data of 181 SMEs was analyzed using structural
equation modelling. It was found that environmental factors—particularly trading partner pressure—had the most
substantial impact on SMEs’ behavioral intention to adopt social commerce. This was followed by top management
support within the organizational context and perceived usefulness within the technological context. The findings
strongly support the notion that external environmental forces, such as pressure from trading partners, play a critical
role in shaping adoption decisions in SME contexts. This lends empirical backing to the hypothesis that "trading
partner pressure positively influences social commerce adoption," especially in emerging economies where SMEs
often rely on collaborative networks for digital transformation. However, this study was done in the context of a much
more developed nation — creating a gap for poorer nation contexts. Further, the study did not consider the potential
mediation role of competitive pressure. Hence, a theoretical gap still exists.

Hussain and Merigo (2023) explored social commerce adoption among SMESs using a fuzzy linguistic multi-criteria
decision-making framework grounded in the Technology-Organization-Environment (TOE) model. While the primary
objective of the study was to assist SMEs in selecting the most suitable type of social commerce strategy—onsite,
offsite, or hybrid—the framework implicitly incorporates trading partner dynamics as part of the environmental factors
in the TOE model. Through their case study of three SMEs, the analysis revealed that environmental pressures,
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including trading partner expectations and collaborations, significantly influence social commerce adoption decisions.
While the study provides useful insights into the relationship between trading partner pressure and social commerce
adoption, it did not specifically pursue this relationship.

It is therefore hypothesized that:

H3: Trading partner pressure positively influences social commerce adoption.

Rasaputhra, Peiris, Magallagoda, Panditasekara, Wisenthige and Jayasuriya (2024) investigated the impact of
technological, environmental, and entrepreneurial factors on social commerce adoption among SMEs in Sri Lanka
using the Technology—Environment-Entrepreneur (TEE) framework in the post-COVID-19 context. Using structural
equation modelling on survey data from 384 SMEs, the study found significant positive effects from technological
factors (e.g., availability and cost-effectiveness), environmental factors (e.g., bandwagon effect), and entrepreneurial
traits (e.g., attitude, innovativeness, I'T knowledge). However, contrary to expectations, the hypothesis that competitive
pressure significantly influences social commerce adoption was not supported. This finding suggests that, in the
Sri Lankan SME context, internal capabilities and perceptions may outweigh external competitive dynamics in
driving adoption decisions. The result contributes to the literature by challenging assumptions from earlier studies
that emphasize the primacy of competitive pressure, especially in developing country settings where structural and
entrepreneurial readiness may play a more central role.

Salah and Ayyash (2024) explored the drivers of e-commerce adoption among SMEs in Palestine and its subsequent
impact on marketing performance, extending the traditional Technology—Organization—Environment (TOE) frame-
work by integrating Al adoption, innovation culture, and customer tech-savviness. Utilizing PLS-SEM on responses
from 305 SMEs, the study found that competitive pressure, along with Al integration, innovation culture, customer
savviness, and business partner pressure, significantly and positively influenced the adoption of e-commerce. These
findings reinforce the competitive pressure hypothesis, suggesting that in emerging markets like Palestine, SMEs are
highly responsive to external market dynamics and competitive environments when making digital transformation
decisions. The study contrasts with findings such as those by Rasaputhra et al. (2024) where competitive pressure was
not a significant predictor, highlighting that the role of external competition may be context-dependent and possibly
stronger in markets with growing digital maturity and heightened customer expectations. It may also suggest potential
mediation of competitive pressure in the relationship between social commerce adoption and its determinants. It is
therefore hypothesized that:

H4: Competitive pressure positively influences social commerce adoption.

H5: Competitive pressure mediates the relationship between (a) perceived usefulness; (b) security concerns; (c)
trading partner pressure, and social commerce adoption.

This study therefore advances the TOE framework by testing these direct and mediated relationships in the context
of social commerce adoption among entrepreneurs in a Sub-Saharan African country.

3. Methodology

This study employed a quantitative, cross-sectional research design Wang and Cheng (2020) to examine the
factors influencing social commerce adoption among entrepreneurs in Zambia, with a specific focus on the mediating
role of competitive pressure. Grounded in the Technology—Organization—Environment (TOE) framework, the study
conceptualized perceived usefulness, security concerns, and trading partner pressure as key predictors, while treating
competitive pressure as an environmental mediator influencing the adoption of social commerce platforms. This
theoretical lens is widely used to explain the diffusion of innovations within organizational contexts, particularly where
technological and environmental dynamics interact with firm-level decision-making. Figure. 1 shows the diagrammatic
conceptualization of the variables in this study.

The target population consisted of entrepreneurs operating in Zambia. The Bank of Zambia (BOZ) estimated that
this population was at 1,437,479 in 2022 (BOZ, 2022). The context of Zambia is important as it and similar developing
country contexts provide strategic trade opportunities amid recent trade wars between economic super powers
Chen, Zhang and Miao (2023); Yang, Lau and Bahri (2025). Zambia, an emerging market with increasing mobile
internet use (Mwila and Ngoyi, 2019) and a dynamic entrepreneurial scene, provides unique business opportunities
which may be dependent social commerce adoption (Narayan, 2023; Xu, Gao and Jia, 2023). Understanding social
commerce adoption in this context enriches global understanding of social commerce, offering valuable implications
for researchers, policy makers, and practitioners alike.
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Figure 1: Conceptualization of variables

To ensure statistical power and generalizability, the required sample size was determined using the Raosoft sample
size calculator with a 95 percent confidence level, 5 percent margin of error, and a 50 percent response distribution,
yielding a recommended sample size of 385. The use of this calculator is adopted from existing studies (Ndofirepi,
Chuchu, Maziriri and Nyagadza, 2022; Raju, 2021; Song, Mi and Ruan, 2022). The study successfully collected 378
valid responses, representing a high response rate of 98.7 percent.

Data collection was done via online and face-to-face surveys. Entrepreneurs were reached using random sampling.
Respondents were required to have conducted business through at least one social media platform such as WhatsApp
Business, Facebook, Instagram, or TikTok. A structured questionnaire was adapted from (Abed, 2020) and informed
consent was obtained from all participants. All constructs were measured using reflective indicators and a five-point
Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree).

Data analysis was conducted using the R programming language (version 4.3.1), employing the lavaan, psych,
dplyr and semTools packages in R. After preparing descriptive statistics for the sample profile, the analytical procedure
followed the two-stage approach recommended in the seminal work of Anderson and Gerbing (1988). The first stage
was the measurement model assessment while the second stage was the evaluation of the structural model. The
measurement model was evaluated in terms of internal consistency, convergent validity, and discriminant validity.
Internal consistency was assessed using Cronbach’s alpha and composite reliability, with acceptable thresholds set at
0.70 or above. Convergent validity was examined via average variance extracted (AVE), with values exceeding the 0.50
threshold recommend by Fornell and Larcker (1981) indicating satisfactory construct convergence. Outer loadings were
also reviewed, and items with loadings below 0.40 were removed. Discriminant validity was verified using both the
Fornell-Larcker criterion and the Heterotrait-Monotrait (HTMT) ratio. Fornell and Larcker (1981) criterion requires
that the square root of each construct’s AVE exceed its correlations with other constructs, while HTMT values were
expected to remain below 0.85 Hair, Hult, Ringle, Sarstedt, Danks and Ray (2021); Henseler, Ringle and Sarstedt
(2015).

The structural model was assessed by examining the strength and significance of the path coefficients, predictive
accuracy (R?). R? values of 0.25, 0.50, and 0.75 were interpreted as weak, moderate, and substantial, respectively,

Nsubanta M: FourthIR Journal Page 5 of 14



Factors Affecting Social Commerce Adoption

according to Hair et al. (2021, p118). Bootstrapping with 5,000 subsamples was used to generate t-values and p-values
for each hypothesized relationship, and mediation effects were assessed through the significance of indirect paths.
Specifically, mediation was considered significant if the 95 percent bootstrapped confidence interval for the indirect
effect did not include zero. Model fit was also evaluated using the standardized root mean square residual (SRMR), with
values less than 0.08 indicating a good fit Hu and Bentler (1999). Other measures included the chi square, Comparative
Fit Index (CFI), Tucker-Lewis Index (TLI) and Root Mean Square Error of Approximation (RMSEA).

To account for the possibility of common method bias (CMB), both procedural and statistical remedies were
applied. Items in the questionnaire were adopted and Harman’s single-factor test Podsakoff, MacKenzie, Lee and
Podsakoff (2003) was conducted. The first factor accounted for less than 40 percent of the variance (which is below
50 percent), indicating that CMB was not a major concern. Overall, the methodological rigor employed in this study
supports the reliability and validity of the findings presented in the subsequent sections. To improve the readability
of the work, Open AI’s GPT-4 was guided to improve the language in aspects of the writing and the output carefully
manually reviewed for accuracy.

4. Results
4.1. Sample profile

Table 1 presents the demographic and business profile of the 378 entrepreneurs who participated in the study.
The sample comprised 60.1 percent male and 39.9 percent female respondents. In terms of business type, the most
common categories were clothes/shoes (22.5 percent), phone and computer accessories (20.9 percent), and mobile
money services (20.6 percent). Other notable sectors included cosmetics (11.6 percent), foodstuffs (11.1 percent), and
groceries (10.8 percent). A small proportion of respondents (2.4 percent) were engaged in less common or unspecified
business types, which were grouped under the “Other” category. These results highlight the predominance of retail-
oriented and informal sector enterprises among entrepreneurs surveyed in Zambia.

Table 1

Sample Profile of Respondents by Gender and Business Type (N = 378)

Variable Category Frequency Percent Cumulative Percent

Gender Female 151 39.90% 39.90%
Male 227 60.10% 100.00%

Business Type Clothes/shoes 85 22.50% 22.50%
Phone/computer accessories 79 20.90% 43.40%
Mobile money 78 20.60% 64.00%
Cosmetics 44 11.60% 75.70%
Food stuffs 42 11.10% 86.80%
Groceries 41 10.80% 97.60%
Other? 9 2.40% 100.00%

Other includes: Barber man, Hairdresser, Loans business, and those who could not find specific categories to select.
Source: Data analysis.

4.1.1. Measurement Model Assessment

The measurement model was assessed through confirmatory factor analysis (CFA) using maximum likelihood
estimation in the lavaan package (Rosseel, 2012). Items with factor loadings below the .60 threshold (PU1, CP1, CP2,
TPP2, TPPS) were removed to improve model parsimony and validity.

All retained items showed strong standardized loadings (range: .653—.828), with significant p-values (p < .001),
indicating that each item reliably represents its underlying latent construct. Internal consistency reliability was
supported with Cronbach’s Alpha («) values ranging from .72 to .90, exceeding the .70 threshold (Nunnally and
Bernstein, 1994). Further, composite reliability (CR) for all constructs was above .70. This confirms internal construct
reliability Fornell and Larcker (1981).

Convergent validity was demonstrated as all constructs had Average Variance Extracted (AVE) values above the
acceptable threshold of .50 (Hair, 2016), indicating that the items collectively explain more than 50 percent of the
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variance in their respective constructs. Discriminant validity was verified by ensuring that the square root of the AVE
for each construct exceeded the inter-construct correlations. All HTMT values were below the recommended 0.85
threshold.

These results collectively confirm that the measurement model exhibits adequate reliability and validity and that
the observed indicators appropriately measure the latent constructs. The model is deemed suitable for further structural
analysis to test the hypothesized relationships between predictors (PU, SC, TPP, CP) and the outcome variable (SCA).
Table 2 summarizes the measurement model results.
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Table 2: Measurement Model Summary

Construct Item Code Item Statement Std. Loading Cronbach’sa CR AVE
Perceived Usefulness (PU) PU2 Employing social commerce helps expedite my 0.653 0.80 0.80 0.60
task completion
PU3 Utilizing social commerce enhances my work pro- 0.747
ductivity
PU4 If T use social commerce, I will increase my 0.780
chances to raise my income
PUS Using social-commerce platforms improves my 0.731
ability to compare prices and products
Security Concerns (SC) SC1 I believe in the existence of adequate laws safe- 0.796 0.89 0.90 0.70
guarding consumer privacy
SC2 I believe in the presence of effective laws to ad- 0.828
dress cybercrime
SC3 Access to secure electronic transaction services is 0.826
readily accessible and reasonably priced
SC4 The nature of exchanged business data necessitates 0.822
a secure communication channel
SC5 I worry about the risk of identity theft or fraud on 0.752
social-commerce platforms
Trading Partner Pressure (TPP) TPP1 A majority of our trading partners have requested 0.664 0.78 0.80 0.60
implementation of social commerce
TPP3 Trading partners usually set the mode of commu- 0.795
nication (e.g., fax, email, social media)
TPP4 We depend on other firms that are already using 0.767
social commerce
Competitive Pressure (CP) CP3 Students may perceive it as outdated if we neglect 0.740 0.72 0.80 0.60
adopting social commerce
CP4 A significant number of students expect us to foster 0.743
robust connections through social commerce
Social Commerce Adoption (SCA) SCAl I anticipate using social commerce platforms to 0.711 0.90 0.90 0.60
purchase goods/services
SCA2 I anticipate using social commerce platforms to 0.674
sell goods/services
SCA3 My engagement with social commerce signifi- 0.773

cantly impacts my shopping experience
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Construct Item Code Item Statement Std. Loading Cronbach’sa CR AVE
SCA4 My active participation reflects my adaptation to 0.770
modern consumer trends
SCAS I regularly utilize social commerce to procure 0.699
goods and services
SCA6 Using social commerce expands my available op- 0.741
tions for buying goods
SCA7 Using social commerce expands my available op- 0.656

tions for selling goods

Source: Data analysis in R.
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4.1.2. Structural Model Assessment

The structural equation model was assessed using the maximum likelihood (ML) estimation method.

The model demonstrated a good fit to the data, as evidenced by the following indices: y?(199) = 373.538,
p < 0.001; Comparative Fit Index (CFI) = 0.955; Tucker-Lewis Index (TLI) = 0.948; Root Mean Square Error
of Approximation (RMSEA) = 0.048 (90% Confidence Interval (CI) [0.041, 0.056], p = 0.647 for RMSEA < 0.05);
and SRMR = 0.044.

These values fall within acceptable thresholds recommended by (Hu and Bentler, 1999), suggesting that the model
adequately represents the observed data structure.

The R? values were 0.357 for Competitive Pressure (CP) and 0.559 for Social Commerce Adoption (SCA),
indicating moderate explanatory power of the model.

Table 3 summarizes the structural path coefficients and hypothesis testing results. Perceived Usefulness (PU) had
a significant and positive effect on Competitive Pressure (CP) (f = 0.460, p < 0.001), supporting H1. In contrast,
Security Concerns (SC) did not significantly affect CP (f =—0.085, p = 0.325), providing no support for H2. However,
Trading Partner Pressure (TPP) showed a significant positive impact on CP (f = 0.285, p < 0.001), supporting H3.

Regarding direct effects on Social Commerce Adoption (SCA), CP positively influenced SCA (f = 0.455, p <
0.001), confirming H4. Furthermore, PU (f = 0.185, p = 0.022) and TPP (f = 0.187, p = 0.004) also had significant
positive direct effects on SCA. However, SC did not significantly predict SCA (f = 0.090, p = 0.179). The control
variable Age was not significantly associated with SCA (f =-0.001, p = 0.974).

Table 3

Structural Regression Results

Path Estimate Std. Error  z-value p-value Std. Estimate Hypothesis
CP < PU (H1) 0.573 0.126 4556 < 0.001 0.460 Supported
CP « SC (H2) -0.106 0.108 -0.984 0.325 -0.085 Not Supported
CP « TPP (H3) 0.355 0.100 3.546 < 0.001 0.285 Supported
SCA < CP (H4) 0.550 0.097 5.664 < 0.001 0.455 Supported
SCA < PU (H5a) 0.278 0.122 2.284 0.022 0.185 Supported*
SCA « SC (H5b) 0.135 0.101 1.343 0.179 0.090 Not Supported*
SCA « TPP (H5c) 0.281 0.097 2.907 0.004 0.187 Supported*
SCA « Age (Control) -0.001 0.032 -0.033 0.974 -0.001 -

Source: Data analysis. *Direct effects shown. Indirect effects are required to properly test sub-hypotheses H5a—H5c.

4.1.3. Mediation Effects

As shown in Table 4, three indirect (mediation) effects via competitive pressure (CP) were examined. PU
significantly influenced SCA indirectly through CP (indirect effect f§ = 0.209, p < 0.001), supporting H5a. Likewise,
TPP had a significant indirect effect on SCA through CP (f = 0.130, p = 0.002), providing support for H5c. However,
the indirect effect of SC on SCA through CP was not significant (§ = —0.039, p = 0.327), and thus H5b was not
supported. These results indicate that CP partially mediates the effects of PU and TPP on SCA but not that of SC.

The SEM results confirm that perceived usefulness and trading partner pressure significantly impact social
commerce adoption (SCA) directly and indirectly via competitive pressure (CP). Security concerns, however, play
no significant role in shaping either CP or SCA. These results support the theoretical model’s emphasis on utility and
peer influence while minimizing the role of perceived risk among the sample population.

5. Discussion

This study aimed to examine the potential mediation role of competitive pressure in the relationship between social
commerce adoption (SCA) and its determinants (perceived usefulness, security concerns and trading partner pressure)
among entrepreneurs. The findings contribute to the growing body of literature on technology acceptance and inter-
organizational influences in digital commerce environments.
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Table 4
Indirect (Mediated) Effects

Indirect Effect (via CP) Estimate Std. Error z-value p-value Std. Estimate Hypothesis Mediation Support

PU - CP - SCA 0.315 0.086 3.686  <0.001 0.209 Hb5a Supported
SC - CP - SCA -0.058 0.059 -0.981 0.327 -0.039 H5b Not Supported
TPP — CP —» SCA 0.195 0.063 3.095 0.002 0.130 H5c Supported

Source: Data analysis in R.

5.0.1. Perceived Usefulness and Social Commerce Adoption

The results confirmed that perceived usefulness (PU) significantly and positively influences both competitive
pressure (CP) and social commerce adoption, supporting H1. This is consistent and similar with previous research
by Asanprakit and Kraiwanit (2023), who found that users’ belief in the utility of social commerce platforms enhances
their engagement and adoption behaviors. Similarly, Osatuyi et al. (2020) emphasized that perceived usefulness drives
platform commitment, while Jasrotia et al. (2025) showed that technological value perceptions are instrumental in
shaping digital commerce behaviors. The significant direct and indirect (via CP) effects found in this study indicate
that usefulness not only encourages individual adoption but also fuels competitive responses, contributing to market-
level diffusion of social commerce tools. This indirect effect supports H5a and contributes to the body of knowledge
as it has been hardly studied in literature.

5.0.2. Security Concerns and Social Commerce Adoption

Contrary to expectations, security concerns (SC) did not have a statistically significant effect on CP or SCA, thereby
not supporting H2. This finding diverges from the results of Alzaidi and Agag (2022) as well as Algharabat and
Rana (2021), who suggested that privacy and data protection anxieties significantly hinder users’ willingness to adopt
social platforms for commerce. A plausible explanation may be that the study’s participants, possibly digital natives or
accustomed to online financial tools, perceived security mechanisms as adequate or have normalized perceived risks.
This suggests that in certain contexts, such as Zambia’s digital commerce sector, trust-building efforts and familiarity
with platforms may dilute the impact of security concerns on behavioral intentions.

5.0.3. Trading Partner Pressure and Social Commerce Adoption

Trading partner pressure (TPP) was found to positively and significantly predict both CP and SCA, affirming
H3. This aligns with Abed (2020) and (Hussain and Merigo, 2023), who documented and suggested that external
pressures from partners or collaborators in the supply chain can drive firms and users to adopt social commerce tools
to remain competitive and interoperable. The dual influence of TPP—both directly on SCA and indirectly via CP in
this study—highlights the strategic role that institutional and market expectations play in shaping platform adoption
behavior.

5.0.4. Competitive Pressure and Social Commerce Adoption

The role of competitive pressure as a key driver of social commerce adoption was confirmed (H4), consistent with
the findings of Salah and Ayyash (2024) and in contrast with the finding of Rasaputhra et al. (2024). This provides
evidence that that firms adopt new technologies not only for intrinsic benefits but also in response to the actions of
competitors. Our study supports this perspective and adds to theory by demonstrating that CP significantly mediates
the adoption behavior, further reinforcing that market dynamics and peer behavior act as powerful external stimuli in
driving digital innovation decisions.

5.0.5. Mediating Role of Competitive Pressure

With respect to H5, CP was found to partially mediate the relationships between PU and SCA (HS5a) and TPP and
SCA (H5c), but not between SC and SCA (H5b). These findings imply that when users or firms find social commerce
platforms useful or experience pressure from trading partners, they perceive a greater need to keep up with competition,
thereby accelerating their adoption of such platforms. However, since SC was not significantly linked to CP or SCA, the
mediating effect was not observed in that pathway. This nuanced result suggests that not all antecedents operate through
CP, reinforcing the importance of distinguishing between technological benefits and perceived threats in shaping market
behavior.
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6. Recommendations

The findings of this study offer valuable insights and implications for practitioners, social commerce platform
developers, policymakers, and researchers seeking to foster social commerce (SCA) adoption, especially in emerging
digital markets. Given the significant influence of perceived usefulness (PU) on social commerce adoption and
competitive pressure, developers and marketers should emphasize clear, outcome-driven benefits of using social
commerce platforms. This includes showcasing how these tools improve marketing reach, customer engagement, and
cost efficiency. Training sessions, use-case demonstrations, and testimonials can help prospective users appreciate
these functional benefits. Policymakers can also collaborate with technology hubs to create awareness programs that
demystify the business value of digital commerce, particularly for micro, small, and medium enterprises (MSMEs).

The strong impact of trading partner pressure (TPP) on both competitive pressure and SCA highlights the im-
portance of collaborative networks. Platform designers and e-commerce advocates should design referral systems and
integration features that encourage businesses to onboard their partners, suppliers, and clients. Industry associations and
chambers of commerce can play a pivotal role in championing coordinated digital adoption within sectors—especially
sectors where value chain integration is critical.

The study confirmed that competitive pressure (CP) significantly drives SCA. This implies that digital service
providers and government agencies promoting e-commerce should amplify stories of successful adopters and highlight
competitive advantages gained. A national leader board or recognition system for early adopters may catalyze
a bandwagon effect. Moreover, ensuring that platforms are interoperable and scalable enhances their strategic
attractiveness in highly competitive sectors.

Although security concerns (SC) did not significantly influence SCA in this context, stakeholders should not
become complacent. Rather, they should ensure that platforms maintain high cybersecurity standards and clearly
communicate these safeguards. The lack of significant effect may indicate either user confidence or low awareness
of risks. Hence, trust-building initiatives should be re-framed from fear-based messaging to proactive reassurance
through certifications, secure payment systems, and transparent data policies. At a policy level, these results
underline the importance of ecosystem enablers such as reliable internet infrastructure, digital literacy programs, and
business development services. Governments and donor agencies can integrate social commerce into national digital
economy strategies, especially to empower youth and women-led enterprises. Investments in logistics, mobile money
interoperability, and regulatory clarity (on e-commerce taxes, digital consumer protection, etc.) can accelerate adoption
and deepen platform trust.

7. Conclusion

This study investigated the determinants of social commerce adoption among Zambian entrepreneurs, focusing
on the mediating role of competitive pressure within the Technology—Organization—Environment (TOE) framework.
The findings reveal that perceived usefulness and trading partner pressure significantly influence adoption, while
security concerns have no direct effect—suggesting that perceived benefits and social influence outweigh risk con-
siderations. Competitive pressure not only directly drives adoption but also mediates the effects of both technological
and environmental factors, reinforcing its central role in shaping digital behavior. These insights highlight that
in resource-constrained environments, adoption is motivated more by practical value and peer dynamics than by
formal risk mitigation. The study contributes to the TOE literature by demonstrating how environmental conditions
amplify internal drivers of innovation. To promote broader uptake of social commerce, stakeholders should highlight
demonstrable value, mobilize business networks, and build a digitally competitive landscape. Future research should
examine longitudinal effects and sectoral variations to further contextualize these findings.
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